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Y cmammi docaidiceHo enaue koeHimusHUX ynepedicedb HA OPMYS8aHHs iH8ecmuyiliHUX piuieHb ma o6rpyHMo8aHo doyiibHicmy iX aHaizy He
Juwe 1Kk 0Kpemux nposigie nosediHkogoi HepayioHabHOCMI, a 1K 83AEMON08’A3AHUX MeXAHI3MI8 npuliHamms ginaHcosux piueHs. TeopemuuHowo
0CHO8010 J0CAI0XHCEHHS € KOHYenyisi 06MedceHol payioHaabHocmi ma meopist nepcnekmus. Memodo102iyHy 0CHOBY 00CAI0NHCEHHSI CMAHOBASIMb
cucmemamu3sayis ma nopieHsIbHUL AHANI3 Meopemu4HUX NO10JCeHb [ pesyibmamis emnipu4Hux docaidxceHs y cepi nosedinkosux giHaHcis.
3anpononogaruti nidxid dae 3mozy po3aass0amu Ko2HImueHI ynepedsiceHHs1 ik CKAados8i EQUHO20 MeXaHi3My OpMY8aHHs iHeecmuyiliHo20 piuieHHs1
ma eusHauamu MouKU iX 83AEMHO20 NOCU/IEHHSI HA PI3HUX emanax ybo2o npoyecy. Cucmemamu3o8aHo nN’smb KO2HIMUBHUX ynepeodceHb, ujo
icmomHo eniuearomv Ha iHeecmuyiliHy nogediHKy: HenpuliHamms empam, HaAOMIpHy eénesHeHiCmb, ynepediceHHs niomeepaiceHHsl, cmadHy
noeedinky ma sikopinHs. Ha ocHoei y3az2aibHeHHs: meopemu4HUX NO0X4CeHb [ pe3yibmamis emnipuvHux 0ocaidxceHb 3anponoHo8aHo kaacugikayito
KO2HIMUBHUX ynepeodyceHb 3a AOMIHYHHUM MEXAHI3MOM iX 0ii. BuokpemieHo ynepedsceHHs1 hopMy8aHHs1 ma 3axXucmy nepeKoHaHb, ynepeorHceHHs.
3as1excHocmi 810 mouku 8i0iKy ma ynepediceHHs coyianbHo20 8UCHO8Yy8aHHS. O6TPYHMOBAHO KyMYAsiMUBHUI xapakmep 83aeMo0ii KOZHIMUGHUX
BUKpUB/IEHb. 30Kpema, NOKA3aHO NOCAI008HUll MeXaHi3M, 3a K020 HAOMIPHA énesHeHiCMb Cnpusie HOPMY8aHHIO cmillko2o iHeecmuyiiiHo20
nepekoHaHHsl, ynhepediceHHs: hidmeepdxceHHs: nidmpumye 1020 WASXOM CeNeKMUBHO20 chpuliHsamms iHgopmayii, a HenpuliHamms empam
nidsuwye ncuxosnoziuHy eapmicmoe giomosu 8id yxeaseHoz2o piueHHs. OKpeMo po3Kpumo 83A€MO038’30K SIKOPIHHS ma cmadHoi nosediHKu U
06TPYHMOBAHO HEOOXIOHICMb PO3MeNCcy8aHHs COYIanIbHO20 HACAIOY8aHHS ma CUHXPOHHOI peakyii iHeecmopie Ha cninbHi pepepeHmHI mouku.
3anpononogaro dugbepenyitiosani nioxodu 0o 3MeHUIEHHS] HE2AMUBHO20 8N/AUBY KOZHIMUBHUX ynepedxceHb 045 HOugidyanbHUX iHeecmopis,
dinaHcosux padHukie ma iHcmumyuyitl. [losedeHo, Wo Kopu2y8abHi 3axo0u Marwme CnpsMo8y8amucs He Auue Ha OKpemi ynepedxceHHs, a Ha
MeXaHizMu ma cmadii popmyeanHst iHeecmuyitiHo20 pilueHHsL.

Kawouosi cnosa: nosedinkosi pinarncu, ineecmuyiiiHi piwleHHsl, KoeHImueHi ynepedxceHHsl, HenpuliHamms empam, epekm ducnosuyii, HadmipHa
8negHeHicmv, ynepediceHHs1 nidmeepoxiceHH s, cmadHa nogediHKa, AKOPIHHS, iHeecmuyiliHa nogediHKa.

The article examines the impact of cognitive biases on investment decision-making. It substantiates the need to analyze them not only as distinct
manifestations of behavioral irrationality but also as interconnected mechanisms in financial decision-making. The theoretical framework of the
study is based on bounded rationality and prospect theory. Five cognitive biases that significantly affect investment behavior are systematized as
follows: loss aversion, overconfidence, confirmation bias, herding behavior, and anchoring. Based on a synthesis of theoretical propositions and
empirical findings, a classification of cognitive biases according to their dominant mechanism of influence is proposed. Three groups are
distinguished: belief-formation and belief-protection biases, reference-point-dependent biases, and social-inference biases. The cumulative nature
of interactions among cognitive biases is substantiated. In particular, a sequential mechanism is identified in which overconfidence contributes to
the formation of a persistent investment belief, confirmation bias reinforces it through selective information processing, and loss aversion
increases the psychological cost of abandoning the initial decision. The relationship between anchoring and herding behavior is also examined,
highlighting the need to distinguish social imitation from synchronized investor responses to common reference points. Differentiated approaches
to mitigating the negative effects of cognitive biases are proposed for individual investors, financial advisers, and institutions. The findings
demonstrate that corrective measures should target not only individual biases but also the underlying mechanisms and stages through which
investment decisions are formed.

Keywords: behavioral finance, investment decision-making, cognitive biases, loss aversion, disposition effect, overconfidence, confirmation bias,
herding behavior, anchoring, investment behavior.

Statement of the problem

Traditional finance is based on the assumption that investors behave rationally, process information efficiently, and
make decisions aimed at maximizing expected utility. This assumption underpins the efficient market hypothesis, according to
which market prices reflect all available information, while opportunities to earn excess returns systematically are limited.

However, the actual behavior of financial markets does not always conform to these assumptions. Speculative
bubbles, excessive volatility, panic selling, and systematic errors made by individual investors indicate that investment
decisions are shaped not only by objective economic indicators but also by psychological factors. Cognitive biases play a
significant role in this process, influencing how information is perceived, how risks are assessed, how expectations are formed,
and how investment strategies are selected.

The scientific problem lies not only in identifying the effects of individual cognitive biases on investment behavior but
also in determining the mechanisms through which these biases interact. Overconfidence, confirmation bias, loss aversion,
anchoring, and herding behavior may arise sequentially or simultaneously, mutually reinforcing their influence on investment
decisions. Nevertheless, these biases are predominantly examined as separate behavioral phenomena, thereby complicating
the development of a comprehensive understanding of the mechanisms m This is an Open Access article
underlying systematic investment errors. distributed under the terms of
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may help improve financial advisory services, investment products, decision-support algorithms, and regulatory instruments
to mitigate the adverse consequences of behavioral distortions.

Analysis of Recent Research and Publications. The theoretical foundations of behavioral finance emerged from a
reassessment of the assumption that economic agents are fully rational. H. Simon’s concept of bounded rationality laid the
groundwork for considering the informational, cognitive, and computational constraints under which individuals actually make
economic decisions [1]. The subsequent development of this field is associated with the research of A. Tversky and
D. Kahneman, who demonstrated the systematic use of heuristics and the emergence of predictable cognitive biases under
conditions of uncertainty [2]. The prospect theory developed by D. Kahneman and A. Tversky extended these propositions by
substantiating the reference dependence of outcome evaluation, the asymmetric perception of gains and losses, and the
nonlinear weighting of probabilities [3]. Collectively, these concepts provided the theoretical foundation for a shift from a
normative interpretation of financial behavior to an analysis of the mechanisms underlying investment decision-making.

Subsequent studies applied the principles of behavioral theory directly to financial markets. R. Shiller demonstrated
that fluctuations in market prices cannot always be explained solely by changes in the fundamental characteristics of assets [4].
H. Shefrin and M. Statman substantiated the disposition effect, which manifests itself in investors’ tendency to realize profitable
positions prematurely while holding loss-making assets for excessively long periods [5]. T. Odean’s subsequent analysis of
brokerage accounts confirmed the persistence of this phenomenon in investors’ actual behavior [6].

B. Barber and T. Odean established a relationship between overconfidence, increased trading activity, and investment
performance [7]. At the same time, R. Thaler demonstrated the importance of mental accounting in explaining deviations of
financial decisions from the assumption that financial resources are fully fungible [8].

The further development of behavioral finance involved an in-depth examination of individual cognitive mechanisms
and their market consequences. K. Daniel, D. Hirshleifer, and A. Subrahmanyam linked investors’ psychological characteristics
to market underreaction and overreaction [9]. M. Grinblatt and B. Han, as well as A. Frazzini, further developed research into
the relationship between reference prices, the disposition effect, and asset return patterns [10; 11]. N. Barberis and W. Xiong
refined the theoretical mechanisms underlying the disposition effect and proposed the concept of realization utility to explain
investor behavior when realizing gains and losses [12; 13]. At the same time, M. Kaustia demonstrated the limitations of
interpreting the disposition effect exclusively through the conventional parameters of prospect theory [14].

A separate body of research has focused on biases in the formation and maintenance of beliefs, as well as on social
influence. D. Moore and P. Healy systematized the manifestations of overconfidence by distinguishing among overestimation
of one’s actual performance, overplacement of one’s performance relative to others, and excessive precision in subjective
assessments [15]. R. Nickerson demonstrated the prevalence of confirmation bias, the tendency to seek and interpret
information in accordance with pre-existing beliefs [16].

A. Banerjee formalized the mechanism of herding behavior, whereby the decisions of other market participants may
become an independent informational signal and lead to sequential imitation [17]. The empirical significance of behavioral
factors in investment decision-making was also confirmed by the study conducted by N. Waweru, E. Munyoki, and
E. Uliana [18].

The digitalization of financial markets has not eliminated behavioral biases but has created new conditions for their
manifestation. A study by B. Barber, X. Huang, T. Odean, and C. Schwarz, based on data from Robinhood users, demonstrated
the importance of investor attention in shaping trading activity and subsequent return dynamics [19]. The bibliometric analysis
conducted by J. Jain et al. confirms that the study of behavioral biases has evolved into an independent and diverse field of
financial research, encompassing simultaneous advances in research on heuristics, overconfidence, herding, loss aversion, and
other behavioral factors [20].

At the same time, an analysis of the relevant literature indicates that research into cognitive biases remains somewhat
fragmented. Most biases are traditionally analyzed as relatively independent determinants of investment behavior: loss
aversion through the disposition effect, overconfidence through trading intensity and investors’ subjective assessment of their
own competence, confirmation bias through the selective processing of information, herding through the imitation of other
market participants’ decisions, and anchoring through the dependence of assessments on an initial reference point. This
approach has enabled an in-depth examination of individual manifestations of behavioral irrationality; however, it does not
sufficiently account for their interaction within a unified investment decision-making process.

The systematization of how different cognitive biases may reinforce one another sequentially or simultaneously,
thereby forming persistent patterns of investor behavior, remains an unresolved issue. In particular, further investigation is
required to determine whether overconfidence, confirmation bias, loss aversion, anchoring, and herding behavior should be
regarded exclusively as separate phenomena or whether they should instead be classified according to the mechanisms
through which they influence belief formation, the use of reference points, and the social interpretation of information. The
absence of such an integrated systematization also complicates the development of differentiated measures to mitigate the
adverse effects of cognitive biases. Therefore, an approach focused not only on identifying individual behavioral distortions
but also on establishing the mechanisms of their interaction and the corresponding instruments to adjust investment behavior
requires further development.

The purpose of the research

The article aims to examine the influence of cognitive biases on investment decision-making, systematize the principal
behavioral distortions by their underlying mechanisms, and determine the nature of their interactions in financial decision-
making. Particular attention is devoted to loss aversion, overconfidence, confirmation bias, herding behavior, and anchoring,
as well as to determining how these biases may reinforce one another sequentially or simultaneously. A separate objective of
the study is to synthesize empirical findings on the influence of cognitive biases on investment behavior and to substantiate
differentiated approaches to mitigating their adverse consequences for individual investors, financial advisers, and institutions.

Presentation of the main research material

The theoretical foundations for examining cognitive biases in investment decision-making are provided by bounded
rationality and prospect theory. H. Simon’s concept of bounded rationality assumes that economic agents make decisions under
conditions of incomplete information, limited time, and constrained cognitive capabilities; therefore, actual investor behavior
does not always conform to the model of fully rational choice [1]. Under such conditions, simplified rules for evaluation and
decision-making may be functionally necessary, while simultaneously creating the preconditions for systematic errors.

A. Tversky and D. Kahneman demonstrated that, under conditions of uncertainty, individuals systematically use
heuristics that simplify the assessment of complex situations but may lead to predictable cognitive biases [2]. In terms of
investment behavior, this means that perceptions of risk, probability, and future returns depend not only on an asset's objective
characteristics but also on how information is presented, investors’ prior experience, and their established expectations.
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This approach was further developed in the prospect theory proposed by D. Kahneman and A. Tversky [3]. Unlike
expected utility theory, prospect theory explains choice under risk by evaluating outcomes relative to a particular reference
point. Gains and losses are perceived asymmetrically, while the subjective weighting of probabilities may differ from their
objective values. Consequently, economically equivalent alternatives may elicit different decisions depending on how an
investor interprets the potential outcomes.

Combining the concept of bounded rationality with prospect theory allows us to regard cognitive biases notas random
deviations from rational behavior but as systematic mechanisms that shape investment decisions. On this theoretical basis, it
is appropriate to examine loss aversion and the disposition effect, overconfidence, confirmation bias, herding behavior, and
anchoring successively, followed by the mechanisms through which they interact within a unified investment decision-making
process.

One of the key manifestations of behavioral irrationality in investment decisions is loss aversion. According to
prospect theory, investors evaluate outcomes not so much in terms of absolute changes in wealth as relative to a particular
reference point, with a negative outcome perceived as psychologically more significant than a positive outcome of comparable
magnitude [3]. In investment decisions, the purchase price of an asset often serves as a reference point, creating the
preconditions for different behavior towards profitable and loss-making positions.

A practical manifestation of this mechanism is the disposition effect - the tendency of investors to realize assets that
have increased in value relatively quickly while holding loss-making positions for longer periods. H. Shefrin and M. Statman
were among the first to provide a systematic explanation of this phenomenon as the result of a combination of psychological
loss aversion and the specific manner in which realized and unrealized outcomes are evaluated [5]. T. Odean’s subsequent
study based on brokerage account data confirmed that investors do indeed exhibit an asymmetric propensity to realize gains
and losses, thereby providing empirical evidence of the disposition effect at the level of actual trading decisions [6].

At the same time, the mechanism underlying the disposition effect cannot be reduced to simple loss aversion alone.
N. Barberis and W. Xiong demonstrated that the standard application of prospect theory does not automatically generate
behavior characteristic of the disposition effect under all conditions [12]. M. Kaustia developed a similar conclusion,
emphasizing the limitations of explaining this phenomenon solely through the conventional parameters of prospect
theory [14]. This indicates the need to consider not only the asymmetric perception of gains and losses but also how the
reference point is formed and adjusted, as well as the psychological significance of realizing an investment outcome.

This approach was further developed through the concept of realization utility, according to which an investor may
derive psychological utility directly from realizing a gain or, conversely, postpone realizing a loss because of the negative
perception associated with its final recognition [13]. Thus, the moment at which an asset is sold acquires an independent
behavioral significance that cannot be fully explained solely by changes in the portfolio’s market value.

The disposition effect is important not only at the level of the individual investor but also in explaining certain patterns
of market dynamics. M. Grinblatt and B. Han linked investors’ reference prices and the disposition effect to the formation of
market momentum [10], while A. Frazzini demonstrated a relationship among unrealized gains, investor behavior, and the
underreaction of prices to new information [11]. Therefore, an individual tendency to treat profitable and loss-making
positions asymmetrically may potentially develop into patterns observable at the market level.

At the same time, the persistence of the disposition effect indicates that loss aversion should not be considered in
isolation but rather in interaction with other cognitive biases. Loss aversion itself explains the psychological difficulty of
realizing a loss. Still, it does not fully account for why an investor continues to believe that a loss-making position will recover.
Addressing this question requires consideration of the mechanisms involved in the formation and protection of beliefs,
particularly overconfidence and confirmation bias, which are examined below.

Overconfidence is one of the most widespread cognitive biases in investment decision-making. It involves investors
systematically overestimating their own knowledge, analytical capabilities, and forecasting accuracy. Consequently, subjective
confidence in a decision's correctness may exceed the objective justification provided by the available information.

D. Moore and P. Healy distinguish among three principal manifestations of overconfidence: overestimating one’s
actual performance, overplacing oneself relative to others, and being excessively confident in the precision of one’s own
judgments [15]. These manifestations are directly relevant to investment behavior because they may lead investors to
overestimate the quality of their own analysis, underestimate uncertainty, and display an excessive willingness to assume risk.

In financial markets, one of the most pronounced consequences of overconfidence is increased trading activity.
B. Barber and T. Odean demonstrated that investors with a greater tendency towards overconfidence trade more frequently,
although intensive trading does not necessarily produce better investment results [7]. Thus, an investor’s belief in their ability
to identify undervalued or overvalued assets promptly may itself become a source of additional transaction costs and
erroneous decisions.

The significance of overconfidence is not limited to trading frequency. K. Daniel, D. Hirshleifer, and A. Subrahmanyam
associate overconfidence with the distinctive ways in which investors respond to information and with the emergence of
market underreaction and overreaction [9]. Investors may assign excessive weight to information they consider the result of
their own analysis and insufficiently revise their prior beliefs when new external signals emerge. In this case, overconfidence
influences not only the intensity of trading but also the mechanism through which investment expectations are formed.

Of particular importance to the subsequent analysis is that overconfidence may represent the initial link in a more
complex behavioral mechanism. If an investor is excessively confident in the accuracy of their initial valuation of an asset, this
provides a psychological basis for maintaining the established position even after contradictory information emerges. Under
such conditions, a relationship arises between overconfidence and confirmation bias: the former contributes to the formation
of a persistent belief, while the latter may sustain that belief through the selective perception of subsequent information.

Therefore, overconfidence should be regarded not only as an independent cognitive bias that increases trading
activity and influences risk assessment, but also as a belief-formation mechanism that can amplify other behavioral biases. This
aspect is crucial for explaining the persistence of investment decisions that are not revised even when new information
becomes available.

Confirmation bias manifests itself in an individual’s tendency to prefer information that is consistent with pre-existing
beliefs and to give insufficient consideration to information that contradicts them. R. Nickerson regards this bias as a
widespread cognitive mechanism that influences the search for, interpretation, and evaluation of information [16]. In
investment decision-making, such selectivity can substantially alter the process of reconsidering previously adopted decisions.

After establishing an investment position, an investor continuously receives new signals about market conditions, a
company’s financial performance, and an asset's prospects. In the absence of cognitive biases, this information should facilitate
the regular updating of assessments. However, when confirmation bias is present, positive signals supporting the initial
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investment thesis may be assigned excessive weight, while negative evidence may be interpreted as temporary, insignificant,
or unreliable. Consequently, beliefs are not updated impartially but are instead protected psychologically.

This mechanism becomes particularly significant when it interacts with overconfidence. If overconfidence contributes
to the formation of a belief in the correctness of one’s own analysis, confirmation bias reduces the probability that this belief
will subsequently be revised. Thus, an error ceases to be a one-off occurrence: the initial overestimation of one’s own
competence may be sustained through the selective processing of information throughout the entire period of asset ownership.

This has an important practical consequence for investment decisions. An investor may continue to hold a position
not because new fundamental data confirm its appropriateness but because the information search gradually becomes
asymmetrical. In combination with loss aversion, this creates a particularly persistent behavioral chain: overconfidence forms
the initial belief, confirmation bias protects it from revision, and loss aversion increases the psychological cost of finally
acknowledging the error.

Therefore, confirmation bias should be classified as a mechanism associated with the formation and protection of
beliefs. Its influence lies not only in distorting the perception of individual information signals but also in sustaining previously
established investment positions. This makes confirmation bias an important link between overconfidence and investor
behavior under conditions of loss.

Herding behavior manifests as investors’ tendency to follow the decisions of other market participants rather than
conducting a fully independent analysis. It is particularly likely to arise under conditions of high uncertainty, information
asymmetry, and limited confidence in one’s own assessments. In such situations, the behavior of other investors may be
perceived as an additional informational signal that influences decisions to purchase, hold, or sell assets.

A. Banerjee demonstrated that imitation may emerge even when individual participants behave rationally, provided
that the decisions of preceding agents are used as a source of information [17]. This creates the preconditions for information
cascades in which investors gradually abandon their own signals in favor of the observed behavior of other participants.
Consequently, identical decisions may spread among a substantial number of investors even when fundamental information
does not provide an unequivocal basis for such a choice.

In financial markets, herding behavior may intensify unidirectional price movements. The widespread imitation of
purchases may contribute to asset overvaluation, while the simultaneous imitation of sales may accelerate price declines and
increase volatility. Empirical studies of the behavioral factors influencing investment decisions confirm that social signals and
the behavior of other participants can significantly affect investors’ actual choices [18].

The digitalization of the financial environment has further increased the importance of the social component of
investment behavior. The rapid dissemination of information, asset popularity rankings, social media, and digital trading
platforms reduce the time required to observe other investors' behavior. A study by B. Barber, X. Huang, T. Odean, and
C. Schwarz, based on data from Robinhood users, demonstrated that the concentration of investor attention on particular assets
may contribute to the synchronization of trading activity and generate predictable short-term market effects [19].

At the same time, herding behavior should not automatically be equated with irrationality. Under certain conditions,
imitation may constitute a means of using information that other participants are likely to possess. The problem arises when
the social signal begins to outweigh an investor’s own analysis, regardless of the signal's informational quality. In such a case,
group behavior may itself become a source of further imitation, thereby creating a self-reinforcing mechanism.

For the subsequent analysis, it is essential to distinguish genuine herding behavior from situations in which many
investors independently respond to the same reference point or market signal. Outwardly, both situations may manifest
themselves as correlated trading, although their underlying cognitive mechanisms differ. This distinction is particularly
important when analyzing the interaction between herding behavior and anchoring, since a shared reference price may create
the appearance of social imitation even in the absence of direct influence from other market participants.

Anchoring is a cognitive bias in which initial information or a particular starting value exerts a disproportionately
strong influence on subsequent judgments and assessments. A. Tversky and D. Kahneman demonstrated that even a random
or insufficiently relevant initial value may function as an ‘anchor’, from which subsequent adjustments remain insufficient [2].
In financial decisions, such an anchor may be the purchase price of an asset, its previous maximum price, an analyst’s forecast,
or another salient reference value.

For an investor, anchoring means that the current valuation of an asset may be based not only on new information
about its fundamental characteristics but also on a reference point already embedded in the investor’s mind. For example, the
purchase price may continue to shape the perception of an asset even after substantial changes in market conditions.
Consequently, an investor may regard a lower price as a temporary deviation and expect a return to the previous level, even
though current information no longer supports that assessment.

The anchoring mechanism is directly related to the dependence of investment decisions on reference points.
M. Grinblatt and B. Han demonstrated that investors’ reference prices may influence trading behavior and the formation of
asset return patterns [10]. This provides grounds for considering anchoring not only as an individual valuation bias but also as
a factor that can influence market behavior when it becomes widespread.

It is also important to distinguish between individual anchoring and herding behavior. If a substantial number of
investors independently use the same reference price, their decisions may become aligned even without directly imitating one
another. Outwardly, this may resemble herding behavior; however, the underlying mechanism is different: the source of
synchronization is a shared anchor rather than social influence.

Anchoring should therefore be classified among biases associated with the dependence of decisions on reference
points. Its effects may reinforce loss aversion because an established reference price increases the psychological significance
of the deviation of an asset’s current value from the expected level. At the same time, shared anchors may produce correlated
behavior among many investors, creating an important link between individual cognitive biases and collective market
dynamics. The cognitive biases examined above have traditionally been analyzed as separate manifestations of deviations in
investment behavior from the rational-choice model. In actual decision-making, however, they may arise not in isolation but
sequentially or simultaneously, influencing different stages in the formation, justification, and maintenance of an investment
position. Therefore, explaining persistent behavioral errors requires a shift from analyzing individual biases towards
identifying the mechanisms through which they interact.

The relationship among overconfidence, confirmation bias, and loss aversion provides the most illustrative example.
Overconfidence may arise at the initial stage of decision-making when an investor overestimates the accuracy of their own
knowledge and forecasts [15]. This results in increased subjective confidence in the correctness of the selected position. Once
the position has been opened, confirmation bias contributes to the selective perception of subsequent information: signals that
support the initial decision are assigned greater weight. At the same time, contradictory evidence may be underestimated or
reinterpreted [16].
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If the asset's value subsequently declines, loss aversion becomes part of the established mechanism. According to
prospect theory, a negative outcome is evaluated relative to a reference point and possesses heightened psychological
significance [3]. Selling a loss-making asset entails not only the economic realization of a loss but also the final acknowledgment
that the previous decision was erroneous. A sequential behavioral mechanism therefore emerges: overconfidence contributes
to the formation of a belief, confirmation bias provides it with informational protection, and loss aversion increases the
psychological cost of abandoning it. This interaction offers a more comprehensive explanation of the persistence of the
disposition effect than an analysis of loss aversion in isolation.

Another type of interaction arises between anchoring and loss aversion. The purchase price or another reference
value may become embedded in the investor’s mind as a benchmark for evaluating the current outcome. The more strongly the
decision is tied to such an anchor, the more clearly a current price deviation is perceived as a gain or loss. Research on the role
of reference prices in shaping investor behavior confirms that reference points may influence not only individual evaluations
of outcomes but also market-level patterns [10]. Anchoring may therefore reinforce loss aversion by stabilizing the point
against which an investor evaluates a negative outcome.

The interaction between anchoring and herding behavior requires careful differentiation. Outwardly, both
mechanisms may produce correlated actions among large numbers of investors. However, the same direction of trading does
not necessarily indicate social imitation. If market participants independently use the same reference price or respond to the
same informational signal, their decisions may become synchronized without direct influence from others' behavior. By
contrast, herding behavior implies that other participants' decisions become a source of information in their own right and
influence the investor’s choice [17].

This distinction is important not only theoretically but also practically. If correlated trading results from a shared
anchor, an effective corrective approach is to revise or diversify the reference points used. If social imitation is the cause,
instruments are required to strengthen independent analysis and reduce excessive dependence on other participants'
behavior. Empirical studies of the behavioral factors influencing investment decisions confirm the importance of considering
individual cognitive and social factors simultaneously [18].

On this basis, cognitive biases should be systematized not only by their conventional names but also by the dominant
mechanism by which they influence investment decisions. The first group comprises biases associated with the formation and
protection of beliefs, particularly overconfidence and confirmation bias. Their effects determine how an initial investment
assessment is formed and how readily it is revised when new information becomes available.

The second group consists of biases associated with reference-point dependence—Iloss aversion and anchoring. They
share the characteristic that the evaluation of an outcome depends not only on the investor’s actual financial position but also
on the reference value against which the investor determines whether a gain or loss exists, or whether continuing to hold the
asset is appropriate.

The third group is associated with social inference and is represented by herding behavior. In this case, the source of
the bias is not only the investor’s own assessment of information but also the use of other participants’ behavior as a decision-
making signal. When widespread, this mechanism may generate self-reinforcing processes in which group behavior becomes
the cause of further imitation.

The proposed classification enables a shift from a universal approach to mitigating cognitive biases to a differentiated
one. Biases associated with belief formation require procedures for regularly reviewing the investment thesis and deliberately
seeking information that contradicts it; reference-point-dependent biases require control over the use of reference prices and
the application of predetermined rules for exiting a position; and herding behavior requires greater independence of analysis
and the separation of fundamental signals from social imitation.

Thus, the interaction of cognitive biases is cumulative: biases operating at different stages of an investment decision
may sequentially reinforce one another and form persistent behavioral patterns. This means that correcting only one individual
bias will not always be sufficient. Effective measures should address the mechanism through which the decision is formed as a
whole - from the emergence of the initial belief to the processing of new information, the evaluation of outcomes, and the
influence of the social environment.

The theoretical propositions and empirical findings discussed above provide grounds for systematizing cognitive
biases not only by their individual manifestations but primarily by the mechanisms that influence the formation of investment
decisions. Based on this criterion, three principal groups should be distinguished: biases associated with the formation and
protection of beliefs, biases associated with reference-point dependence, and biases associated with social inference. At the
same time, individual cognitive biases may interact sequentially, thereby forming a cumulative behavioral mechanism. The
proposed systematization is presented in Table 1.

Table 1. Systematization of Cognitive Biases and the Mechanisms of Their Interaction

Mechanism Biases Nature of interaction Consequence and corrective approach
; . . . . . Persistence of an erroneous investment
Belief formation and Overconfidence; Overconfidence forms a belief, while thesis: regular review and a search for
protection confirmation bias confirmation bias sustains it esls; regu . .
disconfirming evidence are required
Reference-point Loss aversion: The anchor stabilizes the reference Holding loss-making positions;
de endelgce anchorin ! price, while loss aversion increases predetermined exit rules and alternative
P g the cost of abandoning it. reference points are required.
The actions of others are used as an Synchronization of decisions; social
Social inference Herding behaviour | informational signal and may become signals must be distinguished from
self-reinforcing fundamental analysis
Cumulative Overconfidence — The biases operate sequentially at Increased persistence of the disposition
mechanism confirmation bias different stages of the decision- effect; comprehensive corrective
— loss aversion making process measures are required

Source: developed by the authors based on a systematization of research findings [2; 3; 7; 10; 15-19].

The systematization presented above demonstrates that the same outward manifestations of irrational investment
behavior may arise from different cognitive mechanisms and therefore require different corrective approaches. Of particular
importance is the cumulative interaction among overconfidence, confirmation bias, and loss aversion: the first contributes to
the formation of an excessively persistent belief, the second prevents its revision in response to new information, and the third
increases the psychological cost of acknowledging that the original decision was erroneous. Therefore, the effective mitigation
of behavioral biases should target not only individual biases but also the corresponding mechanisms and the stage at which
investment decisions are formed.

The proposed systematization of cognitive biases by their underlying mechanisms enables differentiation of
approaches to mitigating their adverse effects on investment decisions. Universal recommendations that focus solely on
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improving financial literacy or raising general awareness of behavioral biases may not always be sufficient, since different
biases arise at different stages of the decision-making process. Accordingly, corrective measures should directly target the
mechanism through which the error is formed. For biases associated with the formation and protection of beliefs, including
overconfidence and confirmation bias, the key objective is to establish procedures that require investors to test their own
investment theses systematically. Such procedures may include defining in advance the conditions under which a position
should be reviewed, recording arguments both for and against an investment, regularly comparing the initial forecast with
actual outcomes, and deliberately searching for information that contradicts the original belief. This approach reduces the
likelihood that a high level of subjective confidence will lead to prolonged disregard for new information.

For reference-point-dependent biases - loss aversion and anchoring - it is appropriate to reduce the dependence of a
decision on a single reference price. The purchase price of an asset should not automatically determine whether it is
subsequently held or sold. A more robust approach involves regularly revaluing the asset based on current information and
establishing rules for reviewing or closing the position in advance. The use of multiple valuation criteria reduces the risk that
the initial price benchmark will become a persistent psychological anchor.

For herding behavior, the principal corrective approach is to distinguish between fundamental information and social
signals. The popularity of an asset, the intensity with which it is discussed, or the widespread adoption of a particular trading
strategy do not in themselves confirm its economic validity. This is particularly important in the digital environment, where the
concentration of attention among large numbers of investors on specific assets may rapidly lead to synchronized trading
activity [19]. Investment decisions should therefore be supported by an independent rationale for purchasing or selling an asset.

For financial advisers, the proposed approach entails assessing not only a client’s risk tolerance but also the decision-
making mechanisms the client uses. An investor prone to overconfidence primarily requires procedures for testing their own
forecasts; an investor displaying pronounced reference-point dependence requires rules for revaluing positions; and an
individual guided by the behavior of other market participants requires a clear separation of social signals from fundamental
arguments. A behavioral profile may therefore be used to formulate more targeted recommendations.

At the institutional level, a promising approach is to embed appropriate mechanisms directly into the investment
decision-making process. These may include prompts to review the investment thesis, the presentation of alternative scenarios,
the recording of initial expectations, warnings about an excessive concentration of trading in popular assets, and other
elements of choice architecture. Such instruments should not replace the investor’s decision but should increase the likelihood
that it will be consciously reconsidered before a transaction is executed.

Therefore, approaches to mitigating the adverse effects of cognitive biases should not be based on the principle of
‘one bias - one universal recommendation’ but should instead reflect the mechanism through which the behavioral distortion
arises. This is particularly important in cases of cumulative interaction, where an erroneous decision is sustained by several
cognitive mechanisms simultaneously. In such situations, the effectiveness of corrective measures depends on addressing the
entire decision-formation chain rather than merely one of its individual manifestations.

Conclusions and prospects for further research

The study confirms that cognitive biases are a systemic factor in the formation of investment decisions and may
influence both individual investors' behavior and the aggregate dynamics of financial markets. Loss aversion, overconfidence,
confirmation bias, herding behavior, and anchoring affect different stages of the decision-making process - from forming an
initial asset valuation to processing new information, determining a reference point, and maintaining or revising an investment
position. It has been established that analyzing cognitive biases as isolated behavioral phenomena does not fully capture the
mechanisms by which they influence financial decisions. It is proposed that they be systematized according to their dominant
mechanism of action into three groups: biases associated with the formation and protection of beliefs, including overconfidence
and confirmation bias; reference-point-dependent biases, represented by loss aversion and anchoring; and biases associated
with social inference, including herding behavior. This classification makes it possible to move from describing individual
manifestations of behavioral irrationality to explaining at which stage of an investment decision they arise and through which
mechanism.

The particular importance of the cumulative interaction among cognitive biases has been substantiated. Specifically,
overconfidence may contribute to the formation of a persistent belief about an asset’s prospects, confirmation bias may sustain
this belief through the selective perception of information, and loss aversion may increase the psychological cost of abandoning
a decision already made. This sequential mechanism provides a more comprehensive explanation of the persistence of the
disposition effect and the prolonged holding of loss-making positions. At the same time, the interaction between anchoring and
herding behavior demonstrates the need to distinguish social imitation from investors’ synchronized responses to shared
reference points.

The practical significance of the findings lies in the possibility of differentiating measures to mitigate the adverse
effects of cognitive biases. For biases associated with the formation and protection of beliefs, appropriate measures include
procedures for regularly reviewing the investment thesis and searching for disconfirming information; for reference-point-
dependent biases, the use of multiple valuation criteria and predetermined rules for reviewing or closing a position; and for
herding behavior, the separation of fundamental signals from social influence and the strengthening of independent analysis.
This provides grounds for viewing the correction of behavioral biases not as a universal set of recommendations but as a system
of measures targeted at a specific decision-formation mechanism.

Prospects for further research primarily lie in empirically testing the proposed classification and the identified
relationships among cognitive biases across different investor groups and under varying market conditions. The temporal
stability of the identified behavioral chains, the influence of digital trading platforms and social information environments on
their intensification, and the effectiveness of different behavioral correction instruments require separate investigation.
Another promising direction is the quantitative assessment of whether comprehensive interventions targeting several
cognitive mechanisms simultaneously produce better outcomes than measures focused on individual biases.

Jlimepamypa

1. Simon H. A. A behavioral model of rational choice. The Quarterly Journal of Economics. 1955. Vol. 69, No 1. P. 99-118. DOI:
10.2307,/1884852.

2. Tversky A., Kahneman D. Judgment under uncertainty: heuristics and biases. Science. 1974. Vol. 185, No 4157. P. 1124-1131. DOI:
10.1126/science.185.4157.1124.

3. Kahneman D., Tversky A. Prospect theory: an analysis of decision under risk. Econometrica. 1979. Vol. 47, No 2. P. 263-291. DOI:
10.2307/1914185.

4. Shiller R. ]. Do stock prices move too much to be justified by subsequent changes in dividends? The American Economic Review. 1981.

Vol. 71, No 3. P. 421-436. URL: https://www.jstor.org/stable/1802789.
ISSN 2415-8453. YKpaiHCbKU# )KypHa/I IPUKJIaAHOI eKOHOMiKM Ta TexHikM. 2026 pik. Tom 11. Ne 3.
262



https://www.jstor.org/stable/1802789

Shefrin H., Statman M. The disposition to sell winners too early and ride losers too long: theory and evidence. The Journal of Finance.
1985. Vol. 40, No 3. P. 777-790. DOI: 10.1111/j.1540-6261.1985.tb05002.x.

6. Odean T. Are investors reluctant to realize their losses? The Journal of Finance. 1998.Vol. 53, No 5.P. 1775-1798.DOI: 10.1111/0022-1082.00072.

7. Barber B. M., Odean T. Boys will be boys: gender, overconfidence, and common stock investment. The Quarterly Journal of Economics.
2001.Vol. 116,No 1. P. 261-292. DOI: 10.1162/003355301556400.

8. Thaler R. H. Mental accounting matters. Journal of Behavioral Decision Making. 1999. Vol. 12, No 3. P. 183-206. DOI:
10.1002/(sici)1099-0771(199909)12:3<183::aid-bdm318>3.0.co;2-f.

9. Daniel K., Hirshleifer D., Subrahmanyam A. Investor psychology and security market under- and overreactions. The Journal of Finance.
1998. Vol. 53, No 6. P. 1839-1885. DOI: 10.1111/0022-1082.00077.

10. Grinblatt M., Han B. Prospect theory, mental accounting, and momentum. Journal of Financial Economics. 2005. Vol. 78, No 2. P. 311~
339.DO0I: 10.1016/j.jfineco.2004.10.006.

11. Frazzini A. The disposition effect and underreaction to news. The Journal of Finance. 2006. Vol. 61, No 4. P. 2017-2046. DOI:
10.1111/j.1540-6261.2006.00896.x.

12. Barberis N., Xiong W. What drives the disposition effect? An analysis of a long-standing preference-based explanation. The Journal of
Finance. 2009. Vol. 64, No 2. P. 751-784. DOI: 10.1111/j.1540-6261.2009.01448.x.

13. Barberis N., Xiong W. Realization utility. journal of Financial Economics. 2012. Vol. 104, No 2. P. 251-271. DOI:
10.1016/j.jfineco.2011.10.005.

14. Kaustia M. Prospect theory and the disposition effect. Journal of Financial and Quantitative Analysis. 2010. Vol. 45, No 3. P. 791-812.
DOI:10.1017/S0022109010000244.

15. Moore D. A, Healy P. ]. The trouble with overconfidence. Psychological Review.2008. Vol. 115, No 2. P. 502-517. DOI: 10.1037/0033-295X.115.2.502.

16. Nickerson R. S. Confirmation bias: a ubiquitous phenomenon in many guises. Review of General Psychology. 1998. Vol. 2, No 2. P. 175-
220.DO0I: 10.1037/1089-2680.2.2.175.

17. Banerjee A. V. A simple model of herd behavior. The Quarterly Journal of Economics. 1992. Vol. 107, No 3. P. 797-817. DOL:
10.2307/2118364.

18. Waweru N. M., Munyoki E., Uliana E. The effects of behavioral factors in investment decision-making: a survey of institutional investors
operating at the Nairobi Stock Exchange. International Journal of Business and Emerging Markets. 2008. Vol. 1, No 1. P. 24-41. DOI:
10.1504/1JBEM.2008.019243.

19. Barber B. M., Huang X.,, Odean T., Schwarz C. Attention-induced trading and returns: evidence from Robinhood users. The Journal of
Finance.2022.Vol. 77, No 6. P.3141-3190. DOI: 10.1111/jofi.13183.

20. Jain J., Walia N,, Singh S., Jain E. Mapping the field of behavioral biases: a literature review using bibliometric analysis. Management
Review Quarterly. 2022. Vol. 72, No 3. P. 823-855. DOI: 10.1007/s11301-021-00215-y.

References

1. Simon, H. A. A behavioral model of rational choice. The Quarterly Journal of Economics. 1955. Vol. 69, No 1. P. 99-118. DOI:
10.2307/1884852.

2. Tversky, A, Kahneman, D. Judgment under uncertainty: heuristics and biases. Science. 1974. Vol. 185, No 4157. P. 1124-1131. DOI:
10.1126/science.185.4157.1124.

3. Kahneman, D., Tversky, A. Prospect theory: an analysis of decision under risk. Econometrica. 1979. Vol. 47, No 2. P. 263-291. DOI:
10.2307/1914185.

4. Shiller, R. J. Do stock prices move too much to be justified by subsequent changes in dividends? The American Economic Review. 1981.
Vol. 71, No 3. P. 421-436. URL: https://www.jstor.org/stable/1802789.

5. Shefrin, H., Statman, M. The disposition to sell winners too early and ride losers too long: theory and evidence. The Journal of Finance.
1985. Vol. 40, No 3. P. 777-790.DOI: 10.1111/j.1540-6261.1985.tb05002 x.

6. Odean, T. Are investors reluctant to realize their losses? The Journal of Finance. 1998. Vol. 53,No 5.P.1775-1798. DOI: 10.1111/0022-1082.00072.

7. Barber, B. M., Odean, T. Boys will be boys: gender, overconfidence, and common stock investment. The Quarterly Journal of Economics.
2001.Vol. 116,No 1. P. 261-292. DOI: 10.1162/003355301556400.

8. Thaler, R. H. Mental accounting matters. Journal of Behavioral Decision Making. 1999. Vol. 12, No 3. P. 183-206. DOI
10.1002/(sici)1099-0771(199909)12:3<183::aid-bdm318>3.0.co;2-f.

9. Daniel, K., Hirshleifer, D., Subrahmanyam, A. Investor psychology and security market under- and overreactions. The Journal of Finance.
1998. Vol. 53, No 6. P. 1839-1885. DOI: 10.1111/0022-1082.00077.

10. Grinblatt, M., Han, B. Prospect theory, mental accounting, and momentum. Journal of Financial Economics. 2005. Vol. 78, No 2. P. 311-
339.DO0I: 10.1016/j.jfineco.2004.10.006.

11. Frazzini, A. The disposition effect and underreaction to news. The Journal of Finance. 2006. Vol. 61, No 4. P. 2017-2046. DOLI:
10.1111/j.1540-6261.2006.00896.x.

12. Barberis, N., Xiong, W. What drives the disposition effect? An analysis of a long-standing preference-based explanation. The Journal of
Finance. 2009. Vol. 64, No 2. P. 751-784. DOI: 10.1111/j.1540-6261.2009.01448.x.

13. Barberis, N. Xiong, W. Realization utility. Journal of Financial Economics. 2012. Vol. 104, No 2. P. 251-271. DOLIL
10.1016/j.jfineco.2011.10.005.

14. Kaustia, M. Prospect theory and the disposition effect. Journal of Financial and Quantitative Analysis. 2010. Vol. 45, No 3. P. 791-812.
DOI:10.1017/S0022109010000244.

15. Moore, D. A, Healy, P. ]. The trouble with overconfidence. Psychological Review. 2008. Vol. 115, No 2. P. 502-517. DOI: 10.1037/0033-
295X.115.2.502.

16. Nickerson, R. S. Confirmation bias: a ubiquitous phenomenon in many guises. Review of General Psychology. 1998. Vol. 2, No 2. P. 175-
220.DO0I: 10.1037/1089-2680.2.2.175.

17. Banerjee, A. V. A simple model of herd behavior. The Quarterly Journal of Economics. 1992. Vol. 107, No 3. P. 797-817. DOL:
10.2307/2118364.

18. Waweru, N. M., Munyoki, E., Uliana, E. The effects of behavioral factors in investment decision-making: a survey of institutional
investors operating at the Nairobi Stock Exchange. International Journal of Business and Emerging Markets. 2008. Vol. 1, No 1. P. 24—
41.DOI: 10.1504/1JBEM.2008.019243.

19. Barber, B. M,, Huang, X,, Odean, T., Schwarz, C. Attention-induced trading and returns: evidence from Robinhood users. The Journal of
Finance.2022.Vol. 77, No 6. P.3141-3190. DOI: 10.1111/jofi.13183.

20. Jain, J., Walia, N., Singh, S., Jain, E. Mapping the field of behavioral biases: a literature review using bibliometric analysis. Management
Review Quarterly. 2022. Vol. 72, No 3. P. 823-855. DOI: 10.1007/s11301-021-00215-y.

CrarTa Hagjiimia xo pepakuii / Received 15.08.2026 Ipuiinara g0 Apyky / Accepted 27.08.2026

Ony6sikoBano/ Published 04.09.2026

ISSN 2415-8453. Ukrainian Journal of Applied Economics and Technology. 2026. Volume 11. Ne 3.
263


https://www.jstor.org/stable/1802789

